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The impulse response is just the filter coefficients.
Finite length filter, finite impulse response (FIR).
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FIR and single delay

y[n]=ax[n]+bx[n-1]



3 point average

€ 

y n[ ] =
1
3
x n[ ] +

1
3
x n −1[ ] +

1
3
x n − 2[ ]

€ 

x n[ ] = sin(2πn 15) ⋅ u n[ ]

€ 

u n[ ] =
1 n ≥ 0
0 n < 0
 
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